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ABSTRACT 
Alzheimer's disease, a neurodegenerative disorder with profound societal impact, necessitates robust 

predictive models for early detection. This research delves into the realm of Alzheimer's prediction, 
concentrating on the efficacy of various machine learning algorithms. Gaining knowledge from 
previously published works in the Scopus database, we carried out a thorough review to identify 
recurring machine learning concepts. Our study synthesized information from diverse sources, 
revealing seven frequently employed machine learning algorithms. Through meticulous analysis of 
these algorithms, we discovered that Support Vector Machines (SVM) emerged as the most effective 
predictor, exhibiting superior performance in comparison to other models. The evaluation process 
included considerations of accuracy, sensitivity, and specificity, with SVM consistently outperforming 
its counterparts. Additionally, Random Forest emerged as a noteworthy alternative, showcasing 
commendable predictive capabilities. This study not only demonstrates the significance of machine 
learning in Alzheimer's prediction but also offers perceptive data for choosing the most efficient 
algorithmic approach. Our findings underscore the potential of SVM and Random Forest in enhancing 
diagnostic accuracy, laying the foundation for future advancements in early Alzheimer's detection and 
intervention. As the prevalence of Alzheimer's continues to rise, our work seeks to inform and guide 
scholars and professionals involved in the creation of efficient and reliable predictive models for 
improved patient outcomes. 

Keywords— Alzheimer's disease; Machine learning; Prediction models; Support Vector 
Machines (SVM); Random Forest; Alzheimer's prediction algorithms. 

Kalpa Publications in Computing

Volume 19, 2024, Pages 94–102

Proceedings of 6th International Conference
on Smart Systems and Inventive Technology

R. G (ed.), ICSSIT 2024 (Kalpa Publications in Computing, vol. 19), pp. 94–102



1. INTRODUCTION  
Alzheimer's disease, a pervasive neurodegenerative disorder, poses a substantial global health 

challenge with profound implications for affected individuals and their families. As life expectancy 
increases, the prevalence of Alzheimer's escalates, underscoring the critical need for accurate and early 
predictive models to facilitate timely intervention. This paper embarks on an exploration of the 
intersection between machine learning(ML) and Alzheimer's prediction, aiming to unravel the best 
possible algorithms that can significantly impact early detection and intervention strategies. 

Alzheimer's disease, marked by a steady decrease in cognitive function, memory loss, and impaired 
daily functioning, is the leading cause of dementia worldwide. The societal burden of Alzheimer's is 
immense, affecting millions of lives and straining healthcare systems [1]. The complex and multifactorial 
nature of the disease makes early diagnosis challenging, often leading to delayed intervention and 
diminished treatment efficacy [2]. Consequently, the exploration of cutting-edge technology, including 
machine learning, has become imperative in the effort to improve diagnostic accuracy and prognosis. 

Numerous algorithms have been put forth in the subject of ML and employed for Alzheimer's 
prediction. These algorithms leverage several data sources, including from neuroimaging and genetic 
data to clinical and demographic information [3]. Notable contenders in this domain include SVM, 
Random Forest, Neural Networks, Decision Trees, and Logistic Regression, each offering unique 
strengths and capabilities. However, the variability in data sources and algorithmic approaches 
necessitates a comprehensive evaluation to discern the most effective model for Alzheimer's prediction. 

The process of finding the best possible algorithm begins with a meticulous review of existing 
literature, particularly drawing knowledge from the extensive repository of scholarly articles available in 
the Scopus database. This comprehensive literature review serves as the base for understanding the 
landscape of ML applications in Alzheimer's prediction [4]. It involves analyzing diverse studies, 
methodologies, and outcomes to distill the most frequently employed algorithms in this domain. From 
this wealth of information, a refined selection of seven ML algorithms emerges, forming the basis for 
our in-depth investigation. 

 

With the shortlisted algorithms in hand, the subsequent phase involves a meticulous analysis of their 
performance metrics. Criteria such as accuracy, sensitivity, specificity, and computational efficiency are 
regarded as evaluate the algorithms' efficacy in predicting Alzheimer's disease [5]. The process 
encompasses a detailed examination of past research findings, allowing us to identify patterns and trends 
in algorithmic performance. This analytical journey leads us to a decisive revelation: SVM consistently 
outshine other contenders, emerging as the most potent algorithm for Alzheimer's prediction [6]. 

Additionally, our research illuminates on Random Forest as a noteworthy alternative, showcasing 
commendable predictive capabilities within the framework of Alzheimer's disease [7]. The comparative 
evaluation of these algorithms gives insightful details regarding the advantages and disadvantages of 
each, assisting researchers and practitioners in choosing the ideal model in their particular diagnostic 
needs. 

In the ensuing sections, we present a detailed exposition of our methodology, data sources, and the 
criteria employed in evaluating the selected algorithms [8]. The outcomes of our analysis not only affirm 
the efficiency of SVM and Random Forest but also contribute to the changing environment of machine 
learning applications in Alzheimer's prediction [9]. The ultimate objective, as we examine the nuances 
of our findings, is in order to supply the scientific community with knowledge that can open the door for 
more accurate and reliable predictive models, ultimately improving outcomes for individuals at risk of 
Alzheimer's disease. 
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2. RELATED WORKS 
 Recent concerns surrounding Alzheimer's disease, which affects approximately 45 million 
individuals, underscore the critical need to address its debilitating consequences urgently. While the 
cause is yet unknown and primarily impacts older populations, machine learning presents a possible 
path for early identification [10]. This investigation utilizes the OASIS dataset to assess a range of ML 
models, such as SVM, logistic regression, decision trees, and random forests. Results reveal that support 
vector machines, particularly when finely tuned, exhibit heightened accuracy in detecting dementia, 
offering a straightforward yet effective approach to facilitate early diagnosis [10]. 
 
Alzheimer's disease represents a significant global health concern, with rising incidence rates 
necessitating effective predictive strategies. ML methodologies, such as Decision Trees, Random 
Forests, and Support Vector Machines, present promising avenues for early detection. Drawing from 
the OASIS dataset, these models showcase considerable potential in accurately forecasting the onset of 
Alzheimer's disease [11]. Key performance indicators such as accuracy, recall, Accuracy, and F1-score 
underscore the efficiency of the suggested classification framework. With an impressive average 
validation accuracy of 83%, these ML algorithms present a valuable resource for clinicians in 
diagnosing Alzheimer's disease, potentially mitigating annual mortality rates through timely 
intervention [11]. 
 
This research addresses the urgent issue of dementia, primarily associated with Alzheimer's disease, 
affecting a substantial segment of the elderly population. By employing dimensionality reduction 
techniques and ML algorithms on MRI data, the study aims to enable early prediction of dementia in 
vulnerable individuals [12]. The dataset, comprising 416 cases from 434 MRI sessions, serves as the 
foundation for comparative analysis and classification endeavors. Results demonstrate promising 
predictive accuracy of up to 86%, highlighting the potential of advanced machine learning algorithms 
in enhancing early diagnosis and supporting research endeavors towards disease mitigation [12]. 
 
This investigation tackles the critical need for AI-driven solutions in Alzheimer's disease (AD) 
diagnosis, bridging a significant gap in the medical landscape [13]. By applying a variety of ML 
algorithms and feature selection techniques to longitudinal data from the OASIS dataset, the study 
strives to enhance diagnostic precision. Through comparative analysis, the research aims to pinpoint 
optimal algorithms and variables for AD diagnosis, potentially enhancing early detection and 
intervention strategies. The findings offer promise in supplementing traditional diagnostic 
methodologies with advanced AI tools, delivering possible advantages for both patients and healthcare 
providers. In the end, our research helps to ongoing endeavors to combat the progressive impact of AD 
on memory and cognitive function [13]. 
 

3. METHODOLOGY  
Our approach of determining the finest ML algorithm for Alzheimer's prediction involves a systematic 
and comprehensive approach. The process unfolds in distinct stages, starting with the  
 
collection of pertinent records, progressing through the recognition of frequently employed algorithms, 
delving into the nuanced purposes of each algorithm in predicting Alzheimer's, and culminating in the 
decision of the most promising model. 
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3.1 Collection of Records: 
• Our initial step centers on amassing a diverse array of scholarly records from 

reputable sources, with a particular emphasis on studies available in the Scopus 
database. This exhaustive collection spans an assortment of publications, 
encompassing research articles, reviews, and conference papers related to machine 
learning applications in Alzheimer's prediction. 

3.2 Identifying Repeated Algorithms: 
• Through meticulous scrutiny of the collected records, we identify recurring ML 

algorithms utilized in Alzheimer's prediction. This stage involves a rigorous manual 
study, extracting key information regarding the algorithms employed across various 
studies. The purpose is to discern patterns and trends in algorithmic selection within 
the background of Alzheimer's disease. 

3.3 Describing Each Algorithm's Purpose: 
• Once the pool of frequently employed algorithms is established, we delve into a 

detailed examination of the purpose and functionality of each. This involves a 
comprehensive review of literature discussing the applications, strengths, and 
restrictions on algorithms such as SVM, Random Forest, Neural Networks, Decision 
Trees, and Logistic Regression in the realm of Alzheimer's prediction. By elucidating 
the unique characteristics of each algorithm, we lay the groundwork for a nuanced 
comparative analysis. 

3.4 Comparative Analysis: 
• Our study employs a thorough comparative analysis of the shortlisted algorithms 

based on predefined criteria such as accuracy, sensitivity, specificity, and 
computational efficiency. This phase involves synthesizing information from past 
research findings to discern patterns in algorithmic performance across different 
datasets and study populations. 

3.5 Selecting the Best Algorithm: 
• The final stage of our methodology involves the critical task of deciding on the best 

algorithm for Alzheimer's prediction. This decision is informed by the outcomes of 
the comparative analysis, emphasizing the algorithm that consistently demonstrates 
superior performance. Our selection process is not the only based on quantitative 
metrics but also considers the practical implications and feasibility of implementation 
in real-world healthcare settings. 

•  

4. INDENTIFYING ML ALGORITHMS  
 
In our thorough examination of the literature and analysis, we have identified several ML 

algorithms that recurrently surface in the domain of Alzheimer's prediction. These frequently  
repeated algorithms encompass a diverse range of approaches, each contributing distinct strengths to 
the task at hand: 
 
 

4.1 Support Vector Machines (SVM): 
 

• Kernel-Based Precision: SVM excels in Alzheimer's prediction by employing kernel 
functions to create precise decision boundaries. This allows the algorithm to capture 
intricate patterns within complex datasets, particularly valuable in discerning subtle 
variations indicative of early stages of the disease [14]. 
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• Optimal Margin Classification: SVM maximizes the margin between different 
classes, contributing to the creation of a robust model. within the framework of 
Alzheimer's prediction, this optimal margin classification enhances the algorithm's 
ability to differentiate between affected and unaffected individuals, improving overall 
accuracy. 

4.2 Random Forests: 
• Ensemble Learning Strengths: Random Forest utilizes ensemble learning, combining 

multiple decision trees to enhance predictive accuracy. This approach proves 
beneficial in Alzheimer's prediction by aggregating diverse perspectives, mitigating 
overfitting, and providing finally, this study makes a contribution to well to different 
datasets [15]. 

• Variable Importance Assessment: Random Forest provides insights into the 
significance of different features in Alzheimer's prediction. This feature is an 
important assessment aids in identifying critical biomarkers or variables contributing 
significantly to predictive accuracy, offering valuable insights into the underlying 
dynamics of the disease. 

4.3 Neural Networks: 
• Non-linear Pattern Recognition: Neural Networks excel in capturing non-linear 

patterns within intricate datasets, which renders them useful in Alzheimer's prediction 
where the disease manifests in intricate and subtle ways. The architecture of neural 
networks allows for the extraction of complex features and relationships crucial for 
accurate predictions [16]. 

• Adaptive Learning: Neural Networks exhibit adaptive learning capabilities, adjusting 
their parameters based on feedback. within the framework of Alzheimer's prediction, 
this adaptability allows the algorithm to continuously improve its performance by 
learning from new data and refining its predictions over time. 

4.4 Logistic Regression: 
• Probabilistic Framework: Logistic Regression operates within a probabilistic 

framework, making it well-suited for Alzheimer's prediction by providing probability 
estimates. This transparency in predictions allows for a clearer understanding of the 
algorithm's confidence in its predictions, aiding clinicians in decision-making [17]. 

• Efficient and Interpretable: Logistic Regression is computationally efficient and 
offers interpretability, making it suitable for applications where a balance between 
prediction accuracy and model simplicity is crucial. In Alzheimer's prediction, these 
traits contribute to the practicality and ease of implementation. 

 
4.5 Gradient Boosting Algorithms: 

 
• Sequential Model Building: Gradient Boosting Algorithms construct predictive 

models sequentially, iteratively improving upon weaknesses of previous models. In 
Alzheimer's prediction, this sequential refinement enhances the   
algorithm's ability to capture nuanced patterns and adapt to the complexities of the 
disease [18]. 

• Boosting for Model Accuracy: The boosting technique focuses on improving model 
accuracy by assigning more weight to misclassified instances. This is particularly 
advantageous in Alzheimer's prediction, where identifying subtle deviations is 
essential for early detection. 
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4.6 K-Nearest Neighbors (KNN): 
 

• Instance-Based Learning: KNN relies on instance-based learning, making predictions 
according to the proximity of instances in the feature space. In Alzheimer's prediction, 
this approach allows the algorithm to consider the similarity of cases, emphasizing 
the relevance of neighboring data points in predicting outcomes [19]. 

• Flexibility and Localized Prediction: KNN offers flexibility and localized prediction, 
adapting well to the heterogeneity of Alzheimer's manifestations. This flexibility is 
crucial for capturing the variability in disease presentation across different 
individuals. 

4.7 Ensemble Methods: 
• Aggregate Decision-Making: Ensemble Methodologies integrate several algorithms 

to make collective predictions, leveraging the strengths of individual models. In 
Alzheimer's prediction, this aggregate decision-making enhances overall accuracy by 
mitigating the impact of individual algorithmic biases and errors [20]. 

• Improved Robustness: Ensemble Methods enhance robustness by reducing 
overfitting and variance. In the context of Alzheimer's prediction, this results in a 
more trustworthy model with good generalization to diverse datasets and is less 
susceptible to fluctuations in individual data instances. 

These algorithms, each with their distinctive features and advantages, form the foundation of 
our subsequent comparative analysis to determine the most effective predictor for Alzheimer's disease. 

 

5. EVALUTION METRICS 
 

Our study embarks on a meticulous comparative analysis of seven frequently repeated ML 
algorithms in the world of Alzheimer's prediction. The evaluation criteria include key parameters like 
sensitivity and accuracy, specificity, and computational efficiency. This systematic approach aims to 
distill patterns in algorithmic performance across diverse datasets, providing valuable insights into the 
strengths and limitations of each model. Table1 shows the performance metrics of each algorithm which 
identified as most repeated. 

 
Table 1Performance Metrics 

Algorithm Accuracy Sensitivity/ 
Specificity 

Computational 
Efficiency 

SVM 85-92% Moderate-High Moderate 
Random Forest 78-85% Moderate-High High 
Neural Networks 78-88% Can vary Low-Moderate 
Logistic Regression 70-80% Moderate High 
Gradient Boosting 
Algorithm 

70-78% Moderate Moderate-Low 

KNN 65-75% Moderate High 
Ensemble Methods Can be higher than 

individual 
algorithm 

Can vary Varies 
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6. RESULTS 
In our in-depth comparative analysis, we evaluated seven frequently repeated ML algorithms 

for their efficacy in predicting Alzheimer's disease.  
 

6. 1 Support Vector Machines (SVM): 
• Accuracy: Demonstrates a robust accuracy ranging from 85-92%, indicating a high 

degree of correct predictions. 
• Sensitivity and Specificity: Achieves a moderate to high balance between sensitivity 

and specificity, ensuring effective identification of both positive and negative 
instances. 

• Computational Efficiency: Operates at a moderate computational efficiency, striking 
a practical balance between predictive power and speed. 

6. 2 Random Forest: 
 

• Accuracy: Displays a commendable accuracy within the range of 78-85%, capturing 
a substantial percentage of accurate predictions. 

• Sensitivity and Specificity: Maintains a moderate to high balance between sensitivity 
and specificity, showcasing effectiveness in both illness identification and non-
disease identification. 

• Computational Efficiency: Operates at a high computational efficiency, making it 
suitable for applications where real-time predictions are crucial. 

 
 
These findings position SVM as the standout algorithm, excelling in accuracy and striking a 

balance between sensitivity and specificity. Following closely, Random Forest also proves to be a 
formidable contender, particularly excelling in computational efficiency. The nuanced performance of 
each algorithm offers insightful information for healthcare professionals and researchers, emphasizing 
the importance of considering the specific requirements of Alzheimer's prediction models for successful 
integration into clinical practice. 

 

 CONCLUSION 
In conclusion, our exhaustive exploration into machine learning algorithms for Alzheimer's 

prediction has offered insightful information into the complex realm of neurodegenerative disease 
diagnostics. The overarching purpose of this study  was to identify the most efficient algorithm for early 
detection, a crucial endeavor in the face of the escalating societal impact of Alzheimer's disease. 

The comprehensive comparative evaluation of seven frequently repeated ML models, including SVM 
and Random Forest, has illuminated the intricate dynamics of algorithmic performance. Notably, SVM 
emerged as the preeminent predictor, boasting a robust accuracy range of 85-92%, coupled with a 
balanced trade-off between sensitivity and specificity. The moderate computational efficiency of SVM 
adds a practical dimension, ensuring its viability in real-world healthcare applications. 

Close on the heels of SVM, Random Forest showcased commendable accuracy and computational 
efficiency, emphasizing its suitability for scenarios demanding swift and reliable predictions. The 
nuanced strengths of each algorithm, encapsulated in the results, offer a compass for researchers and 
healthcare professionals navigating the diverse landscape of Alzheimer's prediction. 

While these findings underscore the promising potential of ML in revolutionizing Alzheimer's 
diagnostics ,it is essential to acknowledge the evolving characteristics of this field. Further studies on 
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algorithm refinement should be conducted, the incorporation of multi-modal data sources, and the 
translation of forecasting models into practical clinical settings. As we move forward, the synergy 
between machine learning advancements and clinical expertise holds the key to unlocking new frontiers 
in the early detection and intervention of Alzheimer's disease, ultimately ushering in a modern era of 
improved patient outcomes and enhanced healthcare practices. 
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